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[Abstract] In orthodontic and orthognathic practice, cephalometric analysis is an integral tool throughout the clinical
process. However, as landmark identification is still unautomated, both the conventional and semiautomated approaches
are open to considerable subjectivity and could be time-consuming for inexperienced clinicians. Deep learning (DL), a
state-of-the-art artificial intelligence (Al) technique, is highly effective in image recognition. In recent years, many stud-
ies have focused on the application of DL in cephalometric analysis, including automated landmark detection, automat-

ed diagnosis, cervical vertebral maturation stage determination, adenoid hypertrophy analysis and upper airway identifi-

(¥efm B ] 2022-03-18;  [1£[E BH#A] 2022-04-23

[(E&TE ] FXARPHFIES (81901044 ) s iU HOR HOFMUE A BER T (202126328 ) 5 i T AR B2 T A A # 97 1TA%
([2019]87)

[1E&EEN] Bk s B E, 40584, Email : caolingyun@whu.edu.cn; 2 [ 55 — £, BIZAE , (£ Be i, 7+, Email : yanjiar-
ong@whu.edu.cn

[BIS1EH ) #£75, @ EATEI, 1, Email : huafang@whu.edu.cn, Tel : 86-27-87686036 ; 34 [l il {5 /E &, ¥ 41, #08%, 1+, Email :
drhehong@whu.edu.cn, Tel : 86-27-87686226



b

AiRE®KEE 2023FE 18 $£31% F1H

Journal of Prevention and Treatment for Stomatological Diseases, Jan. 2023, Vol.31 No.l http://www.kqjbfz.com - 59 -

cation. Studies show that DL can effectively improve the efficiency of cephalometric analysis. In most studies, the accu-
racy of DL can reach more than 80%, and its difference from the gold standard is clinically acceptable, demonstrating
good potential for future applications. However, most studies are limited to landmark detection, and the broadness and
richness of the training dataset are limited. Future studies should broaden the research scope, improve the algorithm, el-

evate the richness of the datasets, and combine DL with other Al algorithms to improve its accuracy, stability and gener-

alizability.
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